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Abstract— The rational covariance extension problem is a
moment problem with several important applications in sys-
tems and control as, for example, in identification, estimation,
and signal analysis. Here we consider the multidimensional
counterpart and present new results for the well-posedness of
the problem. We apply the theory to texture generation by
modeling the texture as the output of a Wiener system. The
static nonlinearity in the Wiener system is assumed to be a
thresholding function and we identify both the linear dynamical
system and the thresholding parameter.

I. INTRODUCTION

Moment problems with rationality constraints are ubiqui-

tous in the areas of systems, control and signal processing.

One important example is the rational covariance extension
problem. First posed by R.E. Kalman [32] in 1981, this

problem can be stated as follows: Given a finite covariance

sequence c := (c0, . . . , cn), determine all infinite extensions

cn+1, cn+2, . . . such that

Φ(eiθ) =

∞∑
k=−∞

cke
−ikθ (1)

is a positive rational function of degree bounded by 2n. The

reason for calling this a covariance extension problem is

that a function Φ of the form (1) can be regarded as the

spectral density of a zero-mean, stationary stochastic process

{yt; t ∈ Z} with covariance lags ck = E[yt+kȳt] [41,

Sections 3.2-3.3], [50, Section 1.3]. Here ¯ denotes complex

conjugation. Moreover, it is well-known that the rational

covariance extension problem is equivalent to a truncated

trigonometric moment problem with a certain complexity

constraint on the solution [41, Section 12.5]. In fact, the

problem amounts to determining all coercive spectral densi-

ties Φ(eiθ) = P (eiθ)/Q(eiθ) such that

ck =

∫
T

eikθΦ(eiθ)
dθ

2π
,

where T = [−π, π], and where P and Q are trigonometric

polynomials of degree at most n.
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The rational covariance extension problem was partially

solved in 1983 by T.T. Georgiou [22], [23], who proved

that to each positive covariance sequence c and positive nu-

merator polynomial P there is a corresponding denominator

polynomial Q such that Φ = P/Q matches the covariances

and conjectured that this correspondence is unique. This

conjecture was then proved in [12], where it was also

established that this (complete) parameterization is smooth,

i.e., a diffeomorphism.

Since then, this and similar problems has been extensively

studied in the literature [7], [8], [10], [17], [18], [24],

[40], [43], [44], [53], and this research has provided the

stimulus for research in the general theory for scalar moment

problems [9], [11], [27]. Moreover a number of multivariate

counterparts, i.e., when Φ is a matrix-valued spectral density,

have also been solved [5], [20], [26], [39], [45], [47]. All

this work is connected to dynamical systems that depends

on one variable, typically representing time. However, many

problems in spectral estimation, signal processing, system

identification, and image processing are inherently multidi-

mensional [6]. Multidimensional systems theory has been

applied to many different problems, for example pollution

models [21], agricultural models [3], [52], texture modeling

[35], and image processing [16]. Therefore, more recently,

interest has also been directed towards a multidimensional

version of the rational covariance extension problem [25],

[26], [34], [48], [49], a problem which is linked to earlier

work on maximum entropy solutions [36]–[38].

The focus of the present paper is on the multidimensional

rational covariance extension problem, which can be posed

as a complexity-constrained, multidimensional, truncated,

trigonometric moment problem. In Section II we define

the problem and present results from the literature, mainly

from [49]. Section III is devoted to well-posedness of this

inverse problem and contains some new results reported here

for the first time. Finally, in Section IV we consider an

example related to Wiener system identification and texture

generation.

II. THE MULTIDIMENSIONAL RATIONAL COVARIANCE

EXTENSION PROBLEM

The multidimensional rational covariance extension prob-

lem is an inverse problem. To formally define it, let Λ ⊂ Zd

be a finite index set such that 0 ∈ Λ and −Λ = Λ, and let

c := [ck | k := (k1, . . . , kd) ∈ Λ] (2)

be a set of known covariances, which are complex num-

bers with the symmetry c−k = c̄k. Also let |Λ| denote
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the cardinality of the index set Λ. The problem amounts

to parametrizing a certain family of nonnegative bounded

measures dμ on Td such that

ck =

∫
Td

ei(k,θ)dμ(θ) for all k ∈ Λ, (3)

where (k,θ) :=
∑d

j=1 kjθj . Like in the one-dimensional

case, the reason for referring to this problem as a covariance

extension problem is that the c in (2) can be interpreted as

a set of covariance lags ck := E[yt+kȳt] of a discrete-time,

zero-mean, homogeneous1 stochastic process {yt; t ∈ Zd}.
Now, let

dμ(θ) = Φ(eiθ)dm(θ) + dμ̂(θ), (4)

where Φdm is the absolutely continuous and dμ̂ the singular

part in the Lebesgue decomposition of dμ and dm(θ) :=
(1/2π)d

∏d
j=1 dθj is the (normalized) Lebesgue measure on

Td. In general, if a solution to (3) exists, there are infinitely

many measures dμ satisfying the equation. We wish to

parametrize the family of measures for which the spectral

density takes the form

Φ(eiθ) =
P (eiθ)

Q(eiθ)
, p, q ∈ P̄+\{0}. (5)

Here P+ is the set of coefficients p := [pk | k ∈ Λ]
corresponding to trigonometric polynomials

P (eiθ) =
∑
k∈Λ

pke
−i(k,θ) (6)

that are positive for all θ ∈ Td. The set P+ is in fact a convex

cone, and by P̄+ and ∂P+ we will denote the closure and the

boundary P̄+\P+, respectively. It is then easily verified that

∂P+ is the subset of all p ∈ P̄+ such that the corresponding

nonnegative trigonometric polynomial P (eiθ) is zero in at

least one point. In this context we also introduce the dual

cone of P̄+, called C̄+, the interior of which is given by

C+ :=
{
c | 〈c, p〉 > 0, for all p ∈ P̄+ \ {0}

}
.

Here, 〈c, p〉 = ∑
k∈Λ ckp̄k denotes the complex inner prod-

uct. The boundary ∂C+ of C+ consists of all c ∈ C̄+ such

that 〈c, p〉 = 0 for some p ∈ P̄+ \ {0}. The cone C̄+ plays

an important role in the theory. In particular, it is easily seen

that, for any c satisfying (3) for some nonnegative measure

dμ, we have

〈c, p〉 =
∫
Td

P (eiθ)dμ ≥ 0

for all p ∈ P̄+, and hence c ∈ C̄+ (cf. [34, Proposition 2.2]).

In fact, the converse statement is also true [34, Theorem 2.3].

In view of the complexity constraint (5), parametrizing the

rational family of solutions to (3) is a non-convex problem.

However, formulating the inverse problem as an optimization

problem, we can use a regularizing functional that turns out

1That is, E[yt+kȳt] is independent of t for all k. Homogeneity gener-
alizes stationarity for d = 1 to the multidimensional case d > 1.

to promote rational solutions. To this end, let p ∈ P̄+ \ {0}
and consider the functional

Ip(dμ) =

∫
Td

P (eiθ) log
P (eiθ)

Φ(eiθ)
dm(θ), (7)

which is the Kullback-Leibler divergence between the two

measures Pdm and dμ = Φdm+ dμ̂ [27], [49]. The primal

problem then amounts to minimizing (7) subject to (3), i.e.,

min
dμ≥0

∫
Td

P (eiθ) log
P (eiθ)

Φ(eiθ)
dm(θ),

subject to ck =

∫
Td

ei(k,θ)dμ(θ) for all k ∈ Λ.

(8)

From this, one can readily derive the Lagrangian dual func-

tional obtained by relaxing the equality constraint, which

takes the form

Jp(q) = 〈c, q〉 −
∫
Td

P (eiθ) logQ(eiθ)dm, (9)

and the corresponding dual optimization problem is

min
q

〈c, q〉 −
∫
Td

P (eiθ) logQ(eiθ)dm,

subject to q ∈ P̄+.

(10)

Using the primal-dual pair of optimization problems (8) and

(10), we get the following (complete) characterization of the

multidimensional rational covariance extension problem.

Theorem 1 ([49, Theorem 2.1]): For every (c, p) ∈ C+ ×
(P̄+ \{0}) the functional (9) is strictly convex, and (10) has

a unique minimizer q̂ ∈ P̄+ \ {0}. Moreover, there exists

a unique ĉ ∈ ∂C+ and a nonnegative singular measure dμ̂
with support supp(dμ̂) ⊆ {θ ∈ Td | Q̂(eiθ) = 0} such that

ck =

∫
Td

ei(k,θ)
(
P

Q̂
dm+ dμ̂

)
for all k ∈ Λ

and

ĉk =

∫
Td

ei(k,θ)dμ̂, for all k ∈ Λ.

For any such dμ̂, the measure

dμ(θ) = (P (eiθ)/Q̂(eiθ))dm(θ) + dμ̂(θ)

is an optimal solution to (8). Moreover, dμ̂ can be chosen

with support in at most |Λ| − 1 points.

In view of Theorem 1, the optimality conditions for (10)

can be summarized as follows.

Corollary 2 ([34, Corollary 5.3]): Let c ∈ C+. Then q̂ is

an optimal solution to (10) if and only if

q̂ ∈ P̄+, ĉ ∈ ∂C+, 〈ĉ, q̂〉 = 0

ck =

∫
Td

ei(k,θ)
P

Q̂
dm+ ĉk for all k ∈ Λ.
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III. WELL-POSEDNESS OF THE PROBLEM

Since (8) is an inverse problem, we are not only interested

in the existence of a solution but also in the question of

whether (8) is well-posed. Theorem 1 guarantees that for

(c, p) ∈ C+ × (P̄+ \ {0}) a unique solution (q̂, ĉ) exists.

It remains to investigate how this solution depends on the

parameters of the problem, i.e., on the tuple (c, p). To this

end, from Propositions 7.3 and 7.4 in [34], we first have the

following result.

Proposition 3: Let c, p and q̂ be as in Theorem 1. Then

the map (c, p) �→ q̂ is continuous.

Next, consider the continuity of the map (c, p) �→ ĉ. For

d ≤ 2, note that
∫
Td Q

−1dm =∞ for all q ∈ ∂P+. Hence,

when p ∈ P+ and thus P is strictly positive on all of Td, the

gradient of (9) will be −∞ on the boundary ∂P+. Therefore,

the optimal solution q̂ is pushed into P+, and in view of

Theorem 1 we can thus guarantee that ĉ = 0.

Proposition 4 ([49, Corollary 2.3]): Suppose that d ≤ 2.

Then, for any c ∈ C+ and p ∈ P+ there exists a q ∈ P+

such that dμ = (P/Q)dm satisfies (3). Moreover this q is

the unique solution to (10).

Hence, since ĉ = 0 for d ≤ 2 and p ∈ P+, the continuity

of C+ × P+ � (c, p) �→ ĉ is trivial in this case. For

later reference we formulate this result in the following

proposition.

Proposition 5: Let c, p, q̂ and ĉ be as in Theorem 1. Then,

for d ≤ 2 and all (c, p) ∈ C+ ×P+, the mapping (c, p) →
(q̂, ĉ) is continuous.

Remark 6: In the case d ≤ 2 in turns out that the result

of Proposition 3 can be strengthened. In fact, for a fixed

p ∈ P+, the map C+ � c �→ q̂ ∈ Q+ ⊂ P+ is

a diffeomorphism onto its image Q+ [49, Theorem 4.4].

Moreover, for fixed c ∈ C+ the map P+ � p �→ q̂ ∈ Q+ is

also a diffeomorphism [49, Theorem 4.5] .

However, the case d ≥ 3 turns out to be trickier, since we

can have ĉ 
= 0 although p ∈ P+. In the following subsection

we will investigate the continuity of the map (c, p) �→ ĉ for

the case d ≥ 3 under certain conditions.

A. New results on well-posedness

In view of Propositions 3 and 5, the problem (8) is well-

posed for d ≤ 2 and p ∈ P+. However, the well-posedness

in ĉ is in some sense trivial, since in this case we have ĉ = 0
for all p ∈ P+ and c ∈ C+. For d ≥ 3 this is not the case,

as we can have q̂ ∈ ∂P+ even when p ∈ P+ and thus might

have ĉ 
= 0. In this subsection we extend the well-posedness

result of Proposition 5 to hold also in some cases where

d ≥ 3.

However, we begin by noting that the condition p ∈ P+

in general cannot be weakened to p ∈ P̄+ \ {0}, which

the following one-dimensional example illustrates (cf. [34,

Example 3.8]).

Example 7: Let

c =

⎡
⎣13
1

⎤
⎦ =

⎡
⎣02
0

⎤
⎦+

⎡
⎣11
1

⎤
⎦ =

∫ π

−π

⎡
⎣e−iθ

1
eiθ

⎤
⎦ (2dm+ dν0) ,

where dm = dθ/2π, and dν0 is the singular measure δ0(θ)dθ
with support in θ = 0. Since dμ := 2dm + dν0 is positive,

c ∈ C̄+. Moreover, since the Toeplitz matrix Tc := [cj−�]j,�
is positive definite, i.e.,

Tc =

[
3 1
1 3

]
> 0,

we have c ∈ C+ (see, e.g., [40, p. 2853]). Thus we know

that for each p ∈ P+ we have a unique q̂ ∈ P+ such that

P/Q̂ matches c, and hence ĉ = 0 (Proposition 4). However,

for p = 2(−1, 2,−1)T we have that q̂ = (−1, 2,−1)T and

ĉ = (1, 1, 1)T (Corollary 2). Then, for the sequence (pk),
where pk = 2(−1, 2 + 1/k,−1)T ∈ P+, we have ĉk = 0,

so

lim
k→∞

ĉk = lim
k→∞

[
0 0 0

]T 
= [
1 1 1

]T
,

which shows that the mapping p �→ ĉ is not continuous.

One way to try to establish continuity of the map (c, p) �→
ĉ is to try to use the already established continuity from

(c, p) to q̂ in Proposition 3. From the KKT conditions in

Corollary 2 we have in particular that

ck =

∫
Td

ei(k,θ)
P

Q̂
dm+ ĉk for all k ∈ Λ,

and hence continuity of ĉ would follow if
∫
Td PQ̂−1dm is

continuous in (c, p, q̂), whenever the integral is finite. If p ∈
P+, this follows from the continuity of the map q̂ �→ Q̂−1

in L1(T
d). Note here that we know from Example 7 that

the condition p ∈ P+ is actually needed. In fact, if p ∈
∂P+ we may have “pole-zero cancellations” in P/Q̂ (cf.

[34, Example 5.10]), and then
∫
Td P/Q̂dm may be finite

even if Q̂−1 
∈ L1(T
d).

For the case d ≤ 2, the continuity of the map q̂ �→ Q̂−1 in

L1(T
d) is trivial, since, if

∫
Td Q̂

−1dm is finite, then q̂ ∈ P+

and Q̂ is bounded away from zero (cf. Propositions 4 and

5). However, for the case d ≥ 3 the optimal q̂ may belong

to the boundary ∂P+, i.e., Q̂ is zero in some point. Here

we show L1 continuity of q̂ �→ Q̂−1 for certain cases. The

proof is deferred to the appendix.

Proposition 8: For d ≥ 3, let q̂ ∈ P̄+ and suppose that

the Hessian ∇θθ Q̂ is positive definite in each point where

Q̂ is zero. Then Q̂−1 ∈ L1(T
d) and the mapping from the

coefficient vector q ∈ P̄+ to Q−1 is L1 continuous in the

point q̂.

From Propositions 8 and 5 the following continuity result

follows directly.

Corollary 9: Let c, p, q̂, and ĉ be as in Theorem 1. For

all c ∈ C+ and all p ∈ P+, the mapping (c, p) → (q̂, ĉ) is

continuous in any point (c, p) in which Q̂ is strictly positive

or in which the Hessian ∇θθ Q̂ is positive definite in each

point where Q̂ is zero.

IV. EXAMPLE IN TEXTURE GENERATION

Wiener systems form a class of nonlinear dynamical

systems that consist of a linear dynamic part composed with

a static nonlinearity, as in Figure 1. They belong to a class

of so called block-oriented systems, which has a long history
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Linear system Static nonlinearity
ut xt yt

Fig. 1. A Wiener system with thresholding as static nonlinearity.

[4], and applications are found in many areas of science and

engineering [2]. A lot of research has been done in the area of

identification of Wiener systems, see, e.g, [31] and references

therein, and the area is still active [1], [42], [51].

In this example we shall use Wiener systems to model and

generate textures. The idea of using dynamical systems for

modeling of textures and images is not new and has been

considered in, e.g., [13], [45]. The setup we present here is

motivated by [19], where thresholded Gaussian random fields

are used to model porous materials for design of surface

structures in pharmaceutical film coatings.

To this end, we let {xt; t ∈ Zd} be the stationary output

of a linear system with Gaussian white noise input {ut; t ∈
Zd}, and let yt = f(xt) where f is the static nonlinearity

f(x) =

{
1 x > τ

0 otherwise,
(11)

where the thresholding parameter τ is assumed to be un-

known. We assume that ut is a zero-mean process, and hence

xt is also a zero-mean Gaussian process, which we assume to

be normalized c0 := E[x2
t ] = 1. Due to these assumptions,

the output yt of the static nonlinearity has mean

E[yt] = P (yt = 1) = 1− P (xt ≤ τ) = 1− φ(τ), (12)

where φ(τ) is the Gaussian cumulative distribution function

φ(τ) =

∫ τ

−∞

1√
2π

exp(−s2/2)ds.

A. Covariances of thresholded Gaussian variables

Next we consider the relation between the covariances of

the input xt and those of the output yt, respectively, and use

this to estimate the covariances of the process xt [2], [46].

To this end, let x1, x2 ∈ N(0, 1) be two jointly Gaussian

stochastic variables and set y� = f(x�), for 	 = 1, 2, where

f : R→ R is a given function. In addition, let ρ and r be the

covariances ρ := E[x1x2] and r := E[y1y2] − E[y1]E[y2],
respectively. We are interested in the relation between ρ and

r, and to this end we introduce R := E[y1y2]. Now note that

R is related to the covariance ρ via [46, Equation 21] (see

also [2, p. 32]), i.e.,

∂R

∂ρ
=

∫
R2

exp
(
−x2

1+x2
2−2ρx1x2

2(1−ρ2)

)
2π

√
1− ρ2

f ′(x1)f
′(x2)dx1dx2.

In our case f(x) is given by (11), and thus f ′(x) = δτ (x)
is a Dirac delta function at τ . Therefore

∂R

∂ρ
=

1

2π
√
1− ρ2

exp

(
− τ2

1 + ρ

)
,

and from this it follows that

R(ρ) = b+

∫ ρ

0

1

2π
√
1− s2

exp

(
− τ2

1 + s

)
ds,

for some constant b. In order to determine b, first note that

ρ = 0 implies that x1 and x2 are uncorrelated, and hence

independent, since the joint distribution is Gaussian. This in

turn means that y1 and y2 are independent, since f is a static

function, and hence we get

b = R(0) = E[y1y2] = E[y1]E[y2].

Therefore r can be expressed as

r = R(ρ)− E[y1]E[y2]

=

∫ ρ

0

1

2π
√
1− s2

exp

(
− τ2

1 + s

)
ds.

(13)

The integrand is well-defined for −1 < ρ < 1, and the

integral converges for all values in the closed interval [−1, 1].
Moreover, the integrand is strictly positive on (−1, 1) and by

the inverse function theorem this transformation is invertible.

B. Estimating the linear part of the Wiener system

By using the inverse of (13) we can estimate the covari-

ances ck := E[xt+kxt] from estimates of the covariances

rk := E[yt+kyt] − E[yt+k]E[yt]. Note however that (13)

depends on the threshold parameter τ , which is assumed to

be unknown. In order to estimate τ we use (12), which gives

τest = φ−1(1−E[yt]). Having estimates of the covariances

ck, we can now appeal to Theorem 1 in order to estimate a

rational spectrum for xt.

Given this rational spectral density we want to recover

a linear dynamical system corresponding to the spectrum.

In the one-dimensional case, d = 1, this is always possible

by spectral factorization, since the spectral density can be

written as a sum-of-one-square

Φ(eiθ) =
P (eiθ)

Q(eiθ)
=
|b(eiθ)|2
|a(eiθ)|2 .

However in higher dimensions this is in general not possible

[15]. For a strictly positive spectrum, a factorization as a

sum-of-several-squares is always possible [14]

Φ(eiθ) =
P (eiθ)

Q(eiθ)
=

∑�
k=1 |bk(eiθ)|2∑m
k=1 |ak(eiθ)|2

.

However, for m > 1 the interpretation of this in terms of a

dynamical system is not clear to the authors. We therefore

resort to a heuristic and apply the factorization procedure in

[28, Theorem 1.1.1] although some of the conditions required

to ensure the existence of a spectral factor may not be met

(cf. [49, Section 7]).

The complete procedure for identifying the Wiener system

with thresholding as static nonlinearity is summarized in

Algorithm 1.

C. Simulation results

Next we test the procedure outlined above on simulated

data. To this end, we consider the two-dimensional recursive

filter with transfer function given by

b(eiθ1 , eiθ2)

a(eiθ1 , eiθ2)
=

∑
k∈Λ+

bke
−i(k,θ)∑

k∈Λ+
ake−i(k,θ)

,
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(a) True spectrum.

(b) Identified ME spectrum. (c) Identified and factorized ME spectrum.

(d) Identified spectrum with true p. (e) Identified and factorized spectrum with true p.

Fig. 2. Log-plot of the true spectrum and the identified spectra, both before and after factorization.

Algorithm 1
Input: (yt)

1: Estimate threshold parameter: τest = φ−1(1− E[yt])
2: Estimate covariances: rk := E[yt+kyt]−E[yt+k]E[yt]
3: Compute covariances ck := E[xt+kxt] by using (13)

4: Estimate a rational spectrum using Theorem 1

5: Apply the factorization procedure in [28, Theorem 1.1.1]

Output: τest, coefficients for the linear dynamical system

where Λ+ = {(k1, k2) ∈ Z2 | 0 ≤ k1 ≤ 2, 0 ≤ k2 ≤ 2}
and the coefficients are given by b(k1,k2) = Bk1+1,k2+1 and

a(k1,k2) = Ak1+1,k2+1, where

B=

[
0.75 −0.2 0.05
0.2 0.3 0.05

−0.05 −0.05 0.1

]
, A=

[
3.6623 −4.0222 0.9987

−4.0939 4.8705 −1.1913
1.2018 −1.3539 0.2155

]
.

The threshold parameter in (11) is set to τ = 0.06.

The system is simulated with Gaussian white noise as

input, and 500 × 500 samples are taken as output. These

samples are used to estimate the threshold parameter, which

gives the estimate τest = 0.0570. Moreover, they are used

to estimate covaraiances rk on a grid Λ = {(k1, k2) ∈
Z2 | |k1| ≤ 3, |k2| ≤ 3}. Note that this grid Λ does not

agree with the true degree of the linear system. From the

estimated covariances (rk) we determine the covariances

(ck), which are then used in the optimization problem (10).

We compute the solution with two different P , the first one

being P ≡ 1, which corresponds to the maximum entropy

(ME) solution, and the second one being P = Ptrue, i.e., the

trigonometric polynomial corresponding to the filter b. The

optimization problems are solved using the CVX toolbox

in Matlab [29], [30]. The corresponding spectra obtained are

shown in Figure 2. As can be seen in the figure, using the true

P gives a better agreement with the true spectrum, shown

in Figure 2a, which indicates that an appropriate tuning of

p can improve the fit. Although there are methods in the

literature on how to do simultaneously estimation of p and q
[7], [17], [33], [48], [49], the question on how to best select

p is still open.
After estimating the spectra, we compute estimates of filter

coefficients for the autoregressive part of the linear system,

and the corresponding estimates are

AME =

⎡
⎣ 4.1270 −3.8799 0.3572 0.2297
−5.4210 4.0752 0.4412 −0.2174
2.4057 −0.0926 −1.7157 0.1816

−0.4199 −0.6931 0.9018 −0.1010

⎤
⎦

ATrue P =

⎡
⎣ 3.7207 −4.3079 1.3210 −0.0861
−4.2527 5.4070 −1.6585 0.0364
1.3381 −1.6108 0.1836 0.2351

−0.0562 0.0019 0.2183 −0.2145

⎤
⎦

Using these filter coefficients, together with the correspond-

ing filter coefficients for the moving-average part, we simu-

late the estimated Wiener system. The corresponding gener-

ated textures are shown in Figure 3. Visually, the generated

textures seem to have similar structures. However, by com-

paring the covariances, which are shown in Figure 4, it can

be seen that the texture generated by the filter obtained using

the true p matches the higher order covariances considerably

better.
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(a) Output of true system. (b) Output of identified maximum en-
tropy system.

(c) Output of identified system with
true p.

(d) Close-up of Figure 3a. (e) Close-up of Figure 3b. (f) Close-up of Figure 3c.

Fig. 3. Output of the true and the identified systems. Figures 3a - 3c show 500× 500 samples, and Figures 3d - 3f show 100× 100 samples.

(a) Covariances rk of texture in Figure
3a.

(b) Covariances rME
k of texture in Fig-

ure 3b.
(c) Covariances rTrue P

k of texture in
Figure 3c.

(d) Absolute error |rk − rME
k |. (e) Absolute error |rk − rTrue P

k |.
Fig. 4. Covariances and covariance errors for the textures. Here k = (k1, k2) where the x-axis corresponds to k1 and the y-axis corresponds to k2.

V. CONCLUSION AND FUTURE WORK

In this paper we continue our work on the multidimen-

sional rational covariance extension initiated in [49]. We

develop theory for identification of Wiener systems with

applications to texture generation, and present new results

on the well-posedness of the problem in dimension d ≥ 3.

However, a complete such characterization of well-posedness

is still missing (see, e.g., Example 12 in the Appendix).

Another remaining issue is that spectral factorization typ-

ically is not possible for multidimensional spectral densities,

and therefore we have resorted to an heuristic approach

to approximate factorization. An alternative framework that

avoids this problem is to model the texture as an output

of an one-dimensional vector valued process as in [13] and

[45]. This framework is not symmetric with respect to the

coordinate-axes since it assumes stationarity only in one

direction, a feature which may or may not be desirable

depending on the application at hand.

APPENDIX

Proof of Proposition 8: The proof will be carried out

using a sequence of lemmas. First we bound the integral of
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Q−1 over the ball Bρ(θ0) := {θ ∈ Td | ‖θ − θ0‖2 ≤ ρ},
where the bound only depends on the Hessian of Q.

Lemma 10: Let d ≥ 3 and q ∈ P̄+. If the Hessian

∇θθ Q(eiθ) ≥ γI > 0, for θ ∈ Bρ(θ0), then∫
Bρ(θ0)

Q(eiθ)−1dm(θ) ≤ ρd−2/γ.

Proof: By integrating the inequality twice, we see that

Q(eiθ) ≥ γ‖θ− θ̂‖2/2 for θ̂ = argminθ∈Bρ(θ0) Q(eiθ). By

radial symmetry, the integral of (γ‖θ − θ̂‖2/2)−1 is in turn

bounded by the integral of (γ‖θ − θ0‖2/2)−1. Therefore,∫
Bρ(θ0)

Q(eiθ)−1dm(θ)≤
∫
Bρ(θ0)

2

γ‖θ − θ0‖2 dm(θ)≤ ρd−2

γ
,

using basic approximations in spherical coordinates.

Secondly we show that if q satisfies the condition in

Lemma 10, then any polynomial sufficiently close to q is

well-behaved.

Lemma 11: Let d ≥ 3, q ∈ P̄+, and assume that the

Hessian ∇θθ Q(eiθ) is positive definite in the zero θ0 of Q.

Further, let qk ∈ P̄+ for k ∈ N such that qk → q as k →∞.

Then for any ε > 0 there exists an N ∈ N and a ρ > 0 such

that ∫
Bρ(θ0)

Q(eiθ)−1dm(θ) ≤ ε and∫
Bρ(θ0)

Qk(e
iθ)−1dm(θ) ≤ ε

for all k ≥ N .

Proof: Let γ be such that ∇θθ Q(eiθ)|θ=θ0
≥ 3γI ,

and let ρ1 > 0 be such that ∇θθ Q(eiθ) ≥ 2γI for

θ ∈ Bρ1(θ0). This is always possible since Q is C∞

and hence the second derivatives are continuous. Next,

let ρ = min(ρ1, (εγ)
1/(d−2)) and select an N such that

∇θθ Qk(e
iθ) ≥ γI for θ ∈ Bρ(θ0) holds for all k ≥ N .

Such an N exists since ∇θθ Qk(e
iθ)→ ∇θθ Q(eiθ) ≥ 2γI

on Bρ(θ0). From Lemma 10 it then follows that∫
Bρ(θ0)

Q(eiθ)−1dm(θ) ≤ ρd−2/γ ≤ ε∫
Bρ(θ0)

Qk(e
iθ)−1dm(θ) ≤ ρd−2/γ ≤ ε,

which proves the lemma.

Next, continuing the proof of Proposition 8, we use the

fact that the integrals of Q̂−1 and Q−1
k in a neighborhood

of the zero set of Q̂ can be made arbitrary small. Further,

the convergence is uniform on the complement of this set,

and hence convergence of the integrals will follow. To this

end, let the sequence (qk) ⊂ P̄+ converge to q̂. For any

ε > 0 we need to show that there is an N ∈ N such that

‖Q−1
k − Q̂−1‖1 < ε for all k > N . Also note that Q̂ has

finitely many zeros. To see this, assume that this is not so.

By compactness of Td the zeros have an accumulation point.

However, this is contradicted by the fact that the Hessian is

positive definite in each zero of Q̂ and hence any zero of Q̂

is isolated. Using Lemma 11 there is a ρ > 0 and an N1 ∈ N

such that ∫
∪�Bρ(θ�)

Q̂(eiθ)−1dm(θ) ≤ ε/3 and∫
∪�Bρ(θ�)

Qk(e
iθ)−1dm(θ) ≤ ε/3

for all k > N1. Since Qk → Q̂ uniformly and Q̂ >
0 on Td \ ∪�Bρ(θ�), there is an N2 such that ‖Q̂−1 −
Q−1

k ‖L1(Td\∪�Bρ(θ�)) < ε/3 for all k > N2. The result now

follows since, for k > N := max(N1, N2), we have

‖Q−1
k − Q̂−1‖1 ≤ ‖Q−1

k − Q̂−1‖L1(Td\∪�Bρ(θ�))

+ ‖Q̂−1‖L1(∪�Bρ(θ�)) + ‖Q−1
k ‖L1(∪�Bρ(θ�))

≤ ε,

which shows the continuity in the point q̂.

Finally, we note that there are cases, even for d = 3, where

the conditions in Corollary 9 are not satisfied and hence the

corollary does not apply. In these cases the question of well-

posedness is still open. The following is an example of this.

Example 12: Let d = 3, Q ∈ P̄+, and let the integer

n ≥ 2. Then, assuming that

Q(eiθ) ≥ θ21 + θ22 + θ2n3 ,

we have ‖Q−1‖L1(T3) <∞. To see this, first note that Q−1 is

unbounded only at the origin. Therefore ‖Q−1‖L1(T3) <∞
if ‖Q−1‖L1(Bρ) < ∞ for some 1 > ρ > 0, where Bρ :=
Bρ(0). A variable change into spherical coordinates2 gives∫

Bρ

Q(eiθ)−1dm(θ) ≤
∫
Bρ

(θ21 + θ22 + θ2n3 )−1dm(θ)

=

∫ π/2

−π/2

∫ ρ

0

| sin(ϕ1)|drdϕ1/(2π)
2

sin(ϕ1)2 + r2(n−1) cos(ϕ1)2n
.

Note that the integrand is uniformly bounded outside the set

|ϕ1| < ε for any 1 > ε > 0. However due to symmetry it is

enough to consider the set S = {(r, ϕ1) | 0 ≤ ϕ1 ≤ ε, r ∈
[0, ρ]}. Moreover, inside S we have α1ϕ1 ≤ sin(ϕ1) ≤ α2ϕ1

and cos(ϕ1) ≥ α3 for some positive constants α1, α2, α3.

Therefore ‖Q−1‖L1(Bρ) is finite if the following integral is

finite:∫ ρ

0

(∫ ε

0

ϕ1dϕ1

ϕ2
1 + r2(n−1)

)
dr =

∫ ρ

0

(
1

2
log

(
1 +

ε2

r2(n−1)

))
dr

≤
∫ ρ

0

(
1

2
log

(
2

r2(n−1)

))
dr

=

∫ ρ

0

(
1

2
(log 2− 2(n− 1) log r)

)
dr <∞.

This shows that the integral of Q−1 over T3 is finite.

REFERENCES

[1] M.R. Abdalmoaty and H. Hjalmarsson. A simulated maximum
likelihood method for estimation of stochastic Wiener systems. In
IEEE 55th Conf. Decision and Control, pp. 3060–3065. IEEE, 2016.

[2] J.S. Bendat. Nonlinear systems techniques and applications. Wiley,
1998.

2Let (θ1, θ2, θ3) = (r sin(ϕ1) cos(ϕ2), r sin(ϕ1) sin(ϕ2), r cos(ϕ1))
and hence dm = (r2| sin(ϕ1)|/(2π)3)drdϕ1dϕ2.

4044



[3] J. Besag. Spatial interaction and the statistical analysis of lattice
systems. J. Royal Statistical Society. Series B, pp. 192–236, 1974.

[4] S.A. Billings. Identification of nonlinear systems-a survey. In IEE
Proc. D-Control Theory and Appl., vol. 127, pp. 272–285. IET, 1980.

[5] A. Blomqvist, A. Lindquist, and R. Nagamune. Matrix-valued
Nevanlinna-Pick interpolation with complexity constraint: an optimiza-
tion approach. IEEE Trans. Autom. Contr., 48(12):2172–2190, 2003.

[6] N.K. Bose. Multidimensional Systems Theory and Applications.
Kluwer Academic Publishers, second edition, 2003.

[7] C.I. Byrnes, P. Enqvist, and A. Lindquist. Identifiability and well-
posedness of shaping-filter parameterizations: A global analysis ap-
proach. SIAM J. Control and Optimization, 41(1):23–59, 2002.

[8] C.I. Byrnes, T.T. Georgiou, and A. Lindquist. A new approach to
spectral estimation: a tunable high-resolution spectral estimator. IEEE
Transactions on Signal Processing, 48(11):3189–3205, 2000.

[9] C.I. Byrnes, T.T. Georgiou, and A. Lindquist. A generalized entropy
criterion for Nevanlinna-Pick interpolation with degree constraint.
IEEE Transactions on Automatic Control, 46(6):822–839, 2001.

[10] C.I. Byrnes, S.V. Gusev, and A. Lindquist. From finite covariance
windows to modeling filters: A convex optimization approach. SIAM
Review, 43(4):645–675, 2001.

[11] C.I. Byrnes and A. Lindquist. The generalized moment problem
with complexity constraint. Integral Equations and Operator Theory,
56(2):163–180, 2006.

[12] C.I. Byrnes, A. Lindquist, S.V. Gusev, and A.S. Matveev. A complete
parameterization of all positive rational extensions of a covariance
sequence. IEEE Trans. Autom. Contr., 40(11):1841–1857, 1995.

[13] A. Chiuso, A. Ferrante, and G. Picci. Reciprocal realization and
modeling of textured images. In 44th IEEE Conf. Decision and Control
and European Control Conf., pp. 6059–6064, Dec 2005.

[14] M.A. Dritschel. On factorization of trigonometric polynomials. Inte-
gral Equations and Operator Theory, 49(1):11–42, 2004.

[15] B. Dumitrescu. Positive Trigonometric Polynomials and Signal Pro-
cessing Applications. Springer, Berlin, 2007.

[16] M.P. Ekstrom. Digital image processing techniques. Academic Press,
1984.

[17] P. Enqvist. A convex optimization approach to ARMA(n,m) model
design from covariance and cepstral data. SIAM Journal on Control
and Optimization, 43(3):1011–1036, 2004.

[18] P. Enqvist and E. Avventi. Approximative covariance interpolation
with a quadratic penalty. In 46th IEEE Conf. Decision and Control,
pp. 4275–4280, 2007.

[19] S. Eriksson Barman. Gaussian random field based models for the
porous structure of pharmaceutical film coatings. In Acta Stereologica
[En ligne], Proceedings ICSIA, 14th ICSIA abstracts, 2015. http:
//popups.ulg.ac.be/0351-580X/index.php?id=3775.

[20] A. Ferrante, M. Pavon, and F. Ramponi. Hellinger versus Kullback-
Leibler multivariable spectrum approximation. IEEE Transactions on
Automatic Control, 53(4):954–967, 2008.

[21] E. Fornasini. A 2-D systems approach to river pollution modelling.
Multidimensional Systems and Signal Processing, 2(3):233–265, 1991.

[22] T.T. Georgiou. Partial Realization of Covariance Sequences. Center
for Mathematical Systems Theory, Univerisity of Florida. PhD thesis,
1983.

[23] T.T. Georgiou. Realization of power spectra from partial covariance
sequences. IEEE Transactions on Acoustics, Speech and Signal
Processing, 35(4):438–449, 1987.

[24] T.T. Georgiou. The interpolation problem with a degree constraint.
IEEE Transactions on Automatic Control, 44(3):631–635, 1999.

[25] T.T. Georgiou. Solution of the general moment problem via a one-
parameter imbedding. IEEE Transactions on Automatic Control,
50(6):811–826, 2005.

[26] T.T. Georgiou. Relative entropy and the multivariable multidimen-
sional moment problem. IEEE Transactions on Information Theory,
52(3):1052–1066, 2006.

[27] T.T. Georgiou and A. Lindquist. Kullback-Leibler approximation of
spectral density functions. IEEE Transactions on Information Theory,
49(11):2910–2917, 2003.

[28] J. S. Geronimo and H. J. Woerdeman. Positive extensions, Fejér-
Riesz factorization and autoregressive filters in two variables. Annals
of Mathematics, 160(3):839–906, 2004.

[29] M. Grant and S. Boyd. Graph implementations for nonsmooth convex
programs. In V. Blondel, S. Boyd, and H. Kimura, editors, Recent

Advances in Learning and Control, volume 371 of Lecture Notes

in Control and Information Sciences, pages 95–110. Springer-Verlag,
London, 2008.

[30] M. Grant and S. Boyd. CVX: Matlab software for disciplined convex
programming, version 2.1. http://cvxr.com/cvx, Mar. 2014.

[31] W. Greblicki. Nonparametric identification of Wiener systems. IEEE
Transactions on information theory, 38(5):1487–1493, 1992.

[32] R.E. Kalman. Realization of covariance sequences. In Toeplitz
memorial conference, 1981. Tel Aviv, Israel.

[33] J. Karlsson, T.T. Georgiou and A. Lindquist. The Inverse Problem of
Analytic Interpolation With Degree Constraint and Weight Selection
for Control Synthesis. IEEE Transactions on Automatic Control, 55(2):
405–418, 2010.

[34] J. Karlsson, A. Lindquist, and A. Ringh. The multidimensional
moment problem with complexity constraint. Integral Equations and
Operator Theory, 84(3):395–418, 2016.

[35] R. Kashyap and P. Lapsa. Synthesis and estimation of random fields
using long-correlation models. IEEE transactions on pattern analysis
and machine intelligence, PAMI-6(6):800–809, 1984.

[36] S.W. Lang and J.H. McClellan. Spectral estimation for sensor arrays.
In Proceedings of the First ASSP Workshop on Spectral Estimation,
pages 3.2.1–3.2.7, 1981.

[37] S.W. Lang and J.H. McClellan. Multidimensional MEM spectral
estimation. IEEE Transactions on Acoustics, Speech and Signal
Processing, 30(6):880–887, 1982.

[38] S.W. Lang and J.H. McClellan. Spectral estimation for sensor ar-
rays. IEEE Transactions on Acoustics, Speech and Signal Processing,
31(2):349–358, 1983.

[39] A. Lindquist, C. Masiero, and G. Picci. On the multivariate circulant
rational covariance extension problem. In IEEE 52nd Annual Confer-
ence on Decision and Control (CDC), pages 7155–7161, 2013.

[40] A. Lindquist and G. Picci. The circulant rational covariance extension
problem: The complete solution. IEEE Transactions on Automatic
Control, 58(11):2848–2861, 2013.

[41] A. Lindquist and G. Picci. Linear Stochastic Systems: A Geometric
Approach to Modeling, Estimation and Identification, volume 1 of
Series in Contemporary Mathematics. Springer-Verlag Berlin Heidel-
berg, 2015.

[42] F. Lindsten, T.B. Schön, and M.I. Jordan. Bayesian semiparametric
Wiener system identification. Automatica, 49(7):2053–2063, 2013.

[43] H.I. Nurdin. New results on the rational covariance extension problem
with degree constraint. Systems & Control Letters, 55(7):530 – 537,
2006.

[44] M. Pavon and A. Ferrante. On the geometry of maximum entropy
problems. SIAM Review, 55(3):415–439, 2013.

[45] G. Picci and F.P. Carli. Modelling and simulation of images by
reciprocal processes. In Tenth international conference on Computer
Modelling and Simulation, UKSIM, pages 513–518, 2008.

[46] R. Price. A useful theorem for nonlinear devices having gaussian
inputs. IRE Transactions on Information Theory, 4(2):69–72, 1958.

[47] F. Ramponi, A. Ferrante, and M. Pavon. A globally convergent matri-
cial algorithm for multivariate spectral estimation. IEEE Transactions
on Automatic Control, 54(10):2376–2388, 2009.

[48] A. Ringh, J. Karlsson, and A. Lindquist. The multidimensional circu-
lant rational covariance extension problem: Solutions and applications
in image compression. In IEEE 54th Annual Conference on Decision
and Control (CDC), pages 5320–5327. IEEE, 2015.

[49] A. Ringh, J. Karlsson, and A. Lindquist. Multidimensional rational
covariance extension with applications to spectral estimation and
image compression. SIAM Journal on Control and Optimization,
54(4):1950–1982, 2016.

[50] P. Stoica and R. Moses. Introduction to Spectral Analysis. Prentice-
Hall, Upper Saddle River, N.J., 1997.

[51] B. Wahlberg, J. Welsh, and L. Ljung. Identification of stochas-
tic Wiener systems using indirect inference. IFAC-PapersOnLine,
48(28):620 – 625, 2015. 17th IFAC Symposium on System Identi-
fication SYSID 2015.

[52] P. Whittle. On stationary processes in the plane. Biometrika, pages
434–449, 1954.

[53] M. Zorzi. Rational approximations of spectral densities based on
the alpha divergence. Mathematics of Control, Signals, and Systems,
26(2):259–278, 2014.

4045



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles false
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize false
  /OPM 0
  /ParseDSCComments false
  /ParseDSCCommentsForDocInfo false
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo true
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts false
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
    /Arial-Black
    /Arial-BoldItalicMT
    /Arial-BoldMT
    /Arial-ItalicMT
    /ArialMT
    /ArialNarrow
    /ArialNarrow-Bold
    /ArialNarrow-BoldItalic
    /ArialNarrow-Italic
    /ArialUnicodeMS
    /BookAntiqua
    /BookAntiqua-Bold
    /BookAntiqua-BoldItalic
    /BookAntiqua-Italic
    /BookmanOldStyle
    /BookmanOldStyle-Bold
    /BookmanOldStyle-BoldItalic
    /BookmanOldStyle-Italic
    /BookshelfSymbolSeven
    /Century
    /CenturyGothic
    /CenturyGothic-Bold
    /CenturyGothic-BoldItalic
    /CenturyGothic-Italic
    /CenturySchoolbook
    /CenturySchoolbook-Bold
    /CenturySchoolbook-BoldItalic
    /CenturySchoolbook-Italic
    /ComicSansMS
    /ComicSansMS-Bold
    /CourierNewPS-BoldItalicMT
    /CourierNewPS-BoldMT
    /CourierNewPS-ItalicMT
    /CourierNewPSMT
    /EstrangeloEdessa
    /FranklinGothic-Medium
    /FranklinGothic-MediumItalic
    /Garamond
    /Garamond-Bold
    /Garamond-Italic
    /Gautami
    /Georgia
    /Georgia-Bold
    /Georgia-BoldItalic
    /Georgia-Italic
    /Haettenschweiler
    /Impact
    /Kartika
    /Latha
    /LetterGothicMT
    /LetterGothicMT-Bold
    /LetterGothicMT-BoldOblique
    /LetterGothicMT-Oblique
    /LucidaConsole
    /LucidaSans
    /LucidaSans-Demi
    /LucidaSans-DemiItalic
    /LucidaSans-Italic
    /LucidaSansUnicode
    /Mangal-Regular
    /MicrosoftSansSerif
    /MonotypeCorsiva
    /MSReferenceSansSerif
    /MSReferenceSpecialty
    /MVBoli
    /PalatinoLinotype-Bold
    /PalatinoLinotype-BoldItalic
    /PalatinoLinotype-Italic
    /PalatinoLinotype-Roman
    /Raavi
    /Shruti
    /Sylfaen
    /SymbolMT
    /Tahoma
    /Tahoma-Bold
    /TimesNewRomanMT-ExtraBold
    /TimesNewRomanPS-BoldItalicMT
    /TimesNewRomanPS-BoldMT
    /TimesNewRomanPS-ItalicMT
    /TimesNewRomanPSMT
    /Trebuchet-BoldItalic
    /TrebuchetMS
    /TrebuchetMS-Bold
    /TrebuchetMS-Italic
    /Tunga-Regular
    /Verdana
    /Verdana-Bold
    /Verdana-BoldItalic
    /Verdana-Italic
    /Vrinda
    /Webdings
    /Wingdings2
    /Wingdings3
    /Wingdings-Regular
    /ZWAdobeF
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 200
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 200
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages false
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 400
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e55464e1a65876863768467e5770b548c62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc666e901a554652d965874ef6768467e5770b548c52175370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA (Utilizzare queste impostazioni per creare documenti Adobe PDF adatti per visualizzare e stampare documenti aziendali in modo affidabile. I documenti PDF creati possono essere aperti con Acrobat e Adobe Reader 5.0 e versioni successive.)
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020be44c988b2c8c2a40020bb38c11cb97c0020c548c815c801c73cb85c0020bcf4ace00020c778c1c4d558b2940020b3700020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken waarmee zakelijke documenten betrouwbaar kunnen worden weergegeven en afgedrukt. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU (Use these settings to create PDFs that match the "Required"  settings for PDF Specification 4.01)
  >>
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [612.000 792.000]
>> setpagedevice


