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Disclaimer

Any results without a source are to be interpreted as being from the paper
or a direct consequences of the results in the paper.
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Introduction

A large population of indistinguishable agents regulates their states to
low density ones.

@ The problem is posed as a mean-field game, for which the solutions
depend on two coupled PDE’s (LQ, allows for closed form solution):

e Hamilton-Jacobi-Bellman equation.
o Fokker-Planck-Kolmogorov equation.

@ The distribution of the agents is taken to be a sum of polynomials.
@ The case when the value function is quadratic is considered.

@ The dynamics of a single agent is given by a linear SDE and driven by
a Brownian motion and under the influence of a control and an
adversarial disturbance.
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Results

Main Result

The main result of the paper is that the PDE's associated with the
mean-field game are transformed into two sets of ODE'’s with two point
boundry value conditions.

| .

Secondary Result

A secondary result is, under some assumption, that the proposed
mean-field equilibrium is exponentially stochastically stable.
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Motivations

Problems of this type arise in different fields, however the main reason for
studying this type of problem is in connection with opinion dynamics, in

particular in social networks.
Crowd averse attitudes imply that the players tend to have different

opinions, disensus if you will.
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Player Dynamics

In a mean field game with a large number of players, let the individual

state of a player be denoted by x. Further let xp be the initial state of the

player, which is realized by the probability distribution for mg, the initial

player probability density.

dXt = [OéXt + ,But]dt + O'[XtdBt + Ctdt]

B (1)
x(0) = xo.

where x; € R is the state of the player, u; € R the control input of the
player, B; € R is a Brownian motion and {; € R is an adversarial
disturbance.

The constants « € R, 5 € R and o € R are model parameters.
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Player Density

On a macroscopic level the game is obtained by looking at the probability
density functions on the state space:

m: R x [0,00) — [0, 00)
(x, t) = me(x) (2)
Jz me(x)dx =1, for every t.

Then the average state distribution at time t can be defined as

e = /R s (x) . (3)
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First Assumption

Assume that the probability density distribution is polynomial in state.
Then the density is given by

me(x) = a0t + D74 jl.ajtxj, in R x [0, T]
mo(x) = aoo + 71 jajoxX’ (4)
ajo given for all j =0,...,n.

The sum of polynomial terms can in some sense be interpreted as the
Taylor approximation of a general distribution m;(x).
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Cost Functional

Each agent is given a cost functional which penalizes the final state g(x7),

a stage cost function c¢(x¢, us, m) and a quadratic penalty on the unknown
disturbance,

T
J(XOau, m, C) =E [A (C(Xt,Ut,fﬁt) 772|Ct|2) dt+g(XT) . (5)
Where

1
c(x¢, ur, m) = ape + arex + §a2tX2 —i—guf, b>0

mean—f?erld term (6)
g(xT,mr(x7)) = aoT + a17x + %a27x2
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Robust Mean-Field Problem

Let B; is a one-dimensional Brownian motion defined on (2, F,P), a
probability space with the natural filtration process F;. Let xp be
independant of B and from density mg(x). Futher let m; be the optimal

mean-field trajectory. Then the robust mean-field problem in R and (0, T]
is given by

inf sup J(x, u, m*, ()
(P) {ueke {Co)e (7)
dxy = [axy + Bue + o(e]dt + ox.dB.
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Worst-Case Disturbance

Let v¢(x) be the upper value of the robust optimization problem under
worst-case disturbance, starting at t in state x. Considering a quadratic v.

ve(x) = qor + quex + %Q2tx2; in R x [0, T]
vr(x) = g(xr, mr(xT)) (8)
= qoT + Q17X + 3Q27X% = AT + a1TX + 337X

Expressing this concept in terms of the cost functional:

)
It uym, () = E [ [ (el m) =716 ds + (7).
t
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HJB Equation

HJB equation on (8) and for given (4)

2
0 = Orvy + [—g—z + (1) ] (axvt)2 4 axOx V¢
+aot + aiex + 3 L anex? +3 1y 2x202 vy, inRx [0, T] (9)
vr(x) = qor + qiTX + 3G27X?, in R.

forms the first part of the coupled PDE system.
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FPK Equation

Using Fokker-Planck-Kolmogorov equation on (4) and (8)

0 :atmt'i‘zjr":l ajt|:<1+%> (a—ﬁ—;%t‘i‘%%t)x{
+ <_B_b2q1t + %qut) X{_l} + aot (Oé - B—bzqzt + %zCIZt) (10)
10292, (x*my), in R x [0, T]

mo(x) = ago + Zle %ajoxj, in R.

forms the second part of the coupled system of PDE's.
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Optimal Control and Worst Disturbance

The authors state, in the form of a theorem, that for the system generated

by (9) and (10) the optimal control and the worst disturbance are given by:
ui = 3 0xvt = _T,ﬂ (g1t + qoexe)

G = 2725th =27 (q1t + qotxt)

This result means that to find the optimal control the two PDE'’s, (9) and

(10), must be solved in terms of v and m with given boundry conditions.
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Solving the PDE System

The solution process works as follows:
@ Fix m and solve (9)
@ Calculate the optimal u from (11)
@ Plug into (10)
© repeat steps(1)-(3) until fixed point in v and m is found.

The existence of a solution in terms of (v, m) is guaranteed under some
assumptions like mg being absolutely continuous with continuous density
and a finite second moment. The proof of this is from the paper "Mean
field games” by Lasry & Lions.

G.Svensson (KTH - sci) PDE to ODE November 3, 2015 16 / 23



Connection to this Course

In this course we have focused on the maximum principle. To apply the
maximum principle to the above given system first formulate the
Hamiltonian:

H = {using course notation} = bp+oq — f (12)

where f(x,u) = apt + a1ex + %agtxz + §u2 — 724“2 and p is adjoint. Then

wH = pBp— bu= =0

ORI (13
OcH=0p+2y°(=0 Gt = 32P

with

{dp = —A,dt + qdB; 14)

p(T) = —aiT — a7Xr

With some identification (13) corresponds to (11).
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Main Result
Theorem (ODE Equivalence)

- _8 o2 _ 2
dot + a1t 591t + 22G1e | +aor (O — Q2 e 272 CI2t
—21022a0; = 0

. 2 2 2
jl'a.it +ajt La(l + Jl) + (_% + ;_)(1 + )QZt} + 3j+1t(—% + ;_,},2)q1t

-1 2wajt:0 j=1,2,...,n—1

_ant + ant(1 + 1) (Oé - %qzt + 2CI2t) - %Uzwant =0

ajo given for all j =0,1, ...,
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Main Result continued

Then the theorem (15) states that the optimal control and the worst
disturbance are given by:

o™

(q2tXt + qlt)

e (16)
Wt = 2_,y2(q2txt + q1t)
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Asymptotic Stability in Short

Plug the optimal control and worst case disturbance parameters into the
dynamics for x;, which then yields a closed loop system.

Furthermore under an assumption on x > 0 a stability theorem is used in
unison with a corollary then if [02 — 2x] < 0 then tILn;O xt =0 as.
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Conclusions

@ two coupled PDE's can be transformed to a system of ODE’s with
two point boundry.
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The End
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