HOW TO TRAIN YOUR FILLERS: UH AND
UM IN SPONTANEOUS SPEECH SYNTHESIS
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Using spontaneous conversational speech for TTS raises questions on how disfluencies such as filled pauses (FPs)
should be approached. Detailed annotation of FPs in training data enables precise control at synthesis time;
coarse or non-existent FP annotation, when combined with stochastic attention-based neural TTS, leads to
synthesisers that insert these phenomena into fluent prompts on their own accord.

In this study we investigate, objectively and subjectively, the effects of FP annotation and the impact of
relinquishing control over FPs in a Tacotron TTS system built from a conversational podcast corpus.
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Undecided — 18% “I have no idea.” “Indifferent.”

No - 36% No, because it would sound too human like. Over
the phone, | wouldn't be able to tell | am talking to a robot.”
“No, | feel uncomfortable blurring the lines between what
— 1 sounds naturally human and what is machine.”
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one ‘'uh’ or ‘um’, in the beginning or the middle. o . — — . . “No as | would want it to speak correctly at all times."
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Conclusions: .

v’ Systems trained with no, or location-only FP annotation reproduce FPs in a l L. s M

similar pattern as in the corpus.

v’ Synthesiser-predicted FP types (‘uh’ or ‘'um’) were preferred over specifying the -
ground-truth type.

v’ Using precise annotations and focusing on more fluent parts of the corpus www . speech.kth.se/tts-demos
improves naturalness of fluent TTS.
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